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According to the most recent data, there are 7.2 
million students who have qualified for special 
education services (NCES, 2022). For students with 
Individualized Education Plans (IEP), a March 2017 
U.S. Supreme Court ruling stated that an IEP must be 
designed for a student to make meaningful progress 
(Endrew F. v. Douglas County School). Progress 
monitoring is part of data-based decision making 
(DBDM) which focuses on collecting data in a 
systematic way in order to analyze and then inform 
educational practices and student performance 
(Mandinach, 2012). Progress monitoring has shown to 
improve the performance of students with intensive 
learning needs (e.g., Jung et al., 2018; Fuchs et al., 
2021). 

However, use of data in schools to analyze and 
change instructional practices may not always be 
occurring. For example, Silva and colleagues (2021) 
disseminated the results of a survey on best practices 
regarding data analysis in schools. Findings suggest 
that although schools are more inclined to collect 
screening data, less data is collected for progress 
monitoring purposes and not often utilized to make 
changes to instruction. Collecting data alone without 
instructional changes does not affect student 
performance (Stecker et al., 2005).

Providing a system for using data to evaluate student 
performance that is linked to a change in instructional 
practices is needed to support students on IEPs make 
meaningful progress, as outlined in the Endrew 
F. ruling (i.e., academic and functional advancements). 
We set out to develop and evaluate a DBDM system 
for students with IEPs in a specialized school for 
individuals with developmental disabilities. We 
examined a DBDM system that that utilizes data in 
four main components of the IEP process: (a) 
assessment data (b) linking assessment data to the 
development of IEP goals, (c) progress monitoring of 
IEP goals every two weeks, and (d) the analysis of goal 
progress after instructional changes are made.

We evaluated the potential effect of a DBDM system on the annual IEP performance for 10 
students in a specialized education school. We compared student performance (i.e., the number of 
goals achieved by the 4th quarter) prior to the DBDM system being in place and compared it to 
student IEP performance after all DBDM program components were implemented.
Results suggest socially significant progress occurred across most students, with an average 
achievement of approximately two additional annual goals achieved per year. This may be due to 
several factors:
§ Goals were more appropriate and achievable by directly linking assessment data to IEP goals
§ A decrease in number of total IEP goals likely contributed to an increase in the dose (i.e., time 

allocation) for each goal. Increased opportunities to practice each skill likely led to an increase in 
performance

§ Frequent data review allowed the team to intervene quickly if goals were not progressing 
appropriately due to skill acquisition issues or behavioral challenges

§ Larger trends on core-wide and classroom-wide revealed during data analysis allowed for 
responsive follow up on core wide instructional practices

Further research is warranted to replicate findings and isolate key components for achievement.

mayinstitute.org

Introduction Method
PARTICIPANTS:
Students ages 6-13 with full IEPs (four full quarters) 
completed prior to and after intervention. All students 
were attending in-person for all IEPs and did not move 
into different learning cores within the larger school.

SETTING:
Learning core consisting of five-to-six self-contained 
classrooms at a larger special education school 
specializing in applied behavior analysis.

DEPENDENT VARIABLES:
Student individualized education program (IEP) annual 
goals statuses as reported on quarterly progress 
reports (QPR)

DATA COLLECTION:
Data was taken from students’ quarterly progress 
reports (QPRs) for each IEP with four teaching 
quarters before and after intervention. QPRs are 
completed by the classroom teachers and based off 
academic data collected by the classroom. The count 
per category was reported per student—achieved, not 
achieved, and insufficient data.

TREATMENT COMPONENTS (INDEPENDENT 
VARIABLES):
§ Assessment data: Verbal Behavior Milestones 

Assessment and Placement Program
§ Linking assessment to goals: use VBMAPP assessment 

data to create goals
§ Progress monitoring: 

‣ Daily program tracker (paper data sheet tracking 
completion and teaching of goals)

‣ Goal tracker meeting (biweekly review of student 
progress as presented on template)

‣ Quarterly review (QPR data presented to supervisors, 
both core-wide and classroom-specific)

§ Evaluation of changes: discussed at goal tracker 
meetings and after QPR data is presented

TIMELINE OF COMPONENT INTRODUCTION:
§ Winter 2017-2018: VBMAPP introduced as standard 

academic assessment
§ Fall 2018: Began aggregating QPR data
§ Spring 2019: QPR data presented to learning core and 

classrooms
§ Fall 2019: Bi-weekly academic reviews begin
§ Winter 2019-2020: daily program tracker standardized 

across all classrooms, all intervention components in-
place
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CONNECT & FOLLOW:

Figure 1: Example of goal tracker template presented at biweekly meetings for review period 12/2-12/16. 
Progress was color-coded to aid in visual analysis of overall progress. Orange indicates the goal is not 
progressing and urgent review is needed. Green indicates the goal has been achieved for the annual or 
quarterly goal. Yellow indicates a goal is progressing towards the annual or quarterly goal. Red indicates 
insufficient data. 

Figure 2: Example of daily program tracker data sheet. Staff initial when the programs are run. Blank boxes at 
the bottom were filled in with targets that were incorrect during cold probes and staff initialed in the smaller 
boxes when the targets were taught.
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§ Increase in number of annual goals achieved post-intervention by average 2.1 goals per student 
(23.6% increase)

§ Decrease in average goals on each IEP by 6.2 goals per student (32.3% decrease)
§ If Student 3 data removed as an outlier, results would still show a similar increase in percentage 

and number of goals achieved

Annual IEP Goals Achieved

Figure 3. Number of annual IEP goals achieved prior to and post intervention. All IEPs had four full teaching quarters of in-person learning.

DESCRIPTIVE STATISTICS
§ Pre-Intervention

‣ Average annual IEP goals achieved: 8.9 goals (range 0-13)
‣ Percentage of annual goals achieved: 49.7% (range 0-83.3%)
‣ Average goals per student: 19.2 goals (range: 12-27)

§ Post-Intervention
‣ Average annual IEP goals achieved: 11 goals (range 8-15)
‣ Percentage of annual goals achieved: 85.3% (range: 66.7-100%)
‣ Average goals per student: 13 goals (range: 12-15)
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